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Abstract

We present new findings about the relationship between marriage and socioeco-
nomic background in the United States in the late 19th and early 20th centuries. Im-
puting socioeconomic status of family of origin from first names, we document a so-
cioeconomic gradient for women in the probability of marriage and the socioeconomic
status of husbands, which widens over this period. Regional divergence in occupational
structure explains half of the divergence in the probability of marriage, and most of the
increase in marital sorting. Urbanization and the associated improvement in women’s
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1 Introduction

Mothers and fathers transmit traits and preferences to their children and invest in their

upbringing. By determining who has children and what resources these children can ac-

cess, socioeconomic selection into marriage and marital sorting may affect the intergenera-

tional transmission of inequality and the extent of cross-group interactions within a society

(Kalmijn, 1998).

This paper presents one of the first accounts of marriage patterns by socioeconomic status

in the United States for cohorts of women born between 1840 and 1910. Was marriage an

outcome equally prevalent across social classes? How much did marriage contribute to social

stratification? In answering these questions, we shed light on the relative roles of economic

opportunities for women, demographic factors, and housing market constraints in shaping

marital decisions.

We focus on the role of family of origin in determining who marries, and to whom.

Using decennial census data, we impute the socioeconomic status (SES) of women’s and

men’s family of origin from first names. This method works if first names have socioeconomic

content (Olivetti and Paserman, 2015, henceforth OP2015). An advantage of this approach is

that we can calculate a marker for familial SES without creating links (exact or probabilistic)

across censuses. This is particularly important for women, who cannot be easily linked across

censuses, because they changed their surnames upon marriage.1

We show that marriage market outcomes became more stratified by SES during our

period of study. In the mid-19th century, marriage was negatively correlated with SES,

but the differences in marriage rates between high and low SES women were small. The

socioeconomic gradient became steeper over time. The marriage gap between women from

the bottom and top quartiles of the parental occupational earnings distribution was less than

1Recent work uses digitized marriage certificates (Withrow, 2020; Eriksson et al., 2023), vital records
(Bailey and Lin, 2022) or data from online genealogy platforms (Buckles et al., 2023) to study historical
intergenerational mobility of women and men. We see our work as complementary since our method allows
to measure national trends for a large, representative sample.
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2 percentage points for those born in the 1840s but grew to more than 5 percentage points

for those born in the 1900s. Marital sorting also increased during this period. The difference

in the mean parental occupational earnings of the husbands of women from the bottom and

top quartiles of the occupational earnings distribution more than tripled, and the correlation

in occupational earnings of husbands’ and wives’ families of origin more than doubled.

State-of-birth fixed effects explain about half of the change in the relationship between

SES and the marriage rate, and almost all of the change in the correlation between husbands’

and wives’ SES. This is driven by differing rates of urbanization across states. Controlling

for states’ urban concentration has the same effect on the SES gradient in marriage outcomes

as a full set of state fixed effects. Our findings indicate that the increase in marital sorting

largely reflects increased sorting between marriage markets. However, even within marriage

markets, high SES women became relatively less likely to marry.

The negative gradient in the probability of marriage by educational attainment (a strong

correlate of SES) for women born in the early part of the 20th century is well documented.

Our findings indicate that this gradient was not an intrinsic historical feature of the Amer-

ican marriage market. Rather, it emerged during the second half of the 19th century. We

argue that increasing economic opportunities, especially for high SES women in urban areas,

contributed to the divergence in marriage rates between low- and high-SES women. The ex-

pansion of urban manufacturing and clerical jobs rendered marriage a less attractive option.

This mirrors the patterns observed more recently in countries undergoing rapid structural

transformation, where marriage rates of highly educated women have plummeted (Bertrand

et al., 2021; Hwang, 2016). Our results suggest that a part of the growing socioeconomic

divergence in the probability of marriage is compositional. Daughters of high-income fathers

are more likely to be located in urban areas, where job opportunities for women are more

abundant.

What are the implications of these patterns for intergenerational persistence? Intuitively,

increased sorting leads to more intergenerational persistence and, potentially, economic in-
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equality (Kremer, 1997; Fernandez and Rogerson, 2001). Intergenerational persistence in

the United States increased substantially around the turn of the 20th century, even within

regions (OP2015). As we find no evidence of increased marital sorting within marriage mar-

kets, our findings suggest that other factors (increase in economic inequality, higher returns

to human capital) may have been the driving force behind the increase in persistence. In

fact, the increasing negative socioeconomic gradient in marriage that we document may have

the opposite effect. Withdrawal of high-SES women from the marriage market implies better

marriage opportunities for low-SES women. The children of low SES women will therefore

have access to more resources, which can lead to an increase in mobility.

Literature Review. The literature on marriage outcomes has focused on acquired

characteristics like education, occupation, and earnings as markers of SES. Highly educated

women born in the first half of the 20th century were substantially less likely to marry

(Goldin, 2004; Bailey, Guldi and Hershbein, 2014). We complement these studies by focusing

on marital outcomes by socioeconomic status of the family of origin, and by documenting the

link between marriage and SES for earlier cohorts of women. Our results indicate that the

negative SES gradient in marriage observed in the early 20th century was not as pronounced

for these earlier cohorts.

Studies in economics and sociology have analyzed sorting on acquired traits such as

education, occupation and labor income.2 There is a smaller literature investigating the

correlation in spousal ascribed characteristics, like parental occupation or wealth, which

uniformly finds evidence of positive assortative matching on these traits (Charles et al. 2013;

Fremeaux 2014; Wagner et al. 2020; Eriksson et al. 2023) Our contribution to this literature

is to document the extent of marital sorting in a different time period and economic setting.

The nature of our data also allows us to analyze long-run trends and investigate how these

patterns are affected by geographic heterogeneity in economic development.

Finally, our work is tied to the recent literature emphasizing the importance of place

2Mare (2016); Greenwood et al. (2014); Eika et al. (2019); Gihleb and Lang, (2020).
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of birth and childhood neighborhood characteristics on economic mobility (Chetty et al.,

2014; Chetty and Hendren, 2018a, 2018b; Derenoncourt, 2022). Tan (2023) also documents

substantial heterogeneity in economic mobility in the United States in the early 20th century.

Our analysis shows that there were important geographic differences in patterns of marriage

and marital sorting, which contributed to the overall stratification of U.S. society during this

period.

2 Methods and Data

We estimate women’s marriage outcomes by the SES of their family of origin. This is,

in part, by necessity. As married women overwhelmingly did not work, and information

on educational attainment is scarce, there are no good measures of acquired socioeconomic

traits for our period. However, there are reasons to favor this measure regardless of data

constraints. Women had few opportunities to invest in education or marketable skills at the

turn of the 20th Century. As such, inherited class position may have been the salient feature

in determining their marriage prospects.

We face the challenge of inferring inherited class position without intergenerationally

linked data. Because women changed their surnames upon marriage, it is impossible to gen-

erate panels that follow women from childhood into adulthood using data from decennial

censuses. Following the method introduced by OP2015, we use an individual’s first name

to impute father’s economic status. This method, which has been used to study intergen-

erational mobility for men and women across two and three generations (OP2015; Olivetti,

Paserman and Salisbury, 2018), rests on the assumption that names carry information about

SES. There is evidence for this in both modern (Bertrand and Mullainathan, 2004; Fryer and

Levitt, 2004) and historical data. Among names occurring at least 20 times in a U.S. census

year, there is a high degree of continuity in the names that are given to children with high- or

low-income parents, which suggests that SES affected naming patterns.3 OP2015 document

3For example, OP2015 show that variants of Anna, Kathryn, Carolyn, and Elizabeth are among names
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that in our sample period, 10 to 17 % of total variation in fathers’ socioeconomic status can

be explained by the variation between names given to their children. Online Appendix A

contains further details.

We measure the SES of women’s family of origin using their fathers’ occupational status.

Specifically, we use the OCCSCORE variable in IPUMS, which assigns to each occupation

the median income among persons employed in that occupation in the 1950 Census.4 One

advantage of OCCSCORE is that it is available throughout the period. More than 200

distinct occupations appear in our data; however, certain occupations appear at a high

frequency. Farmers comprise approximately 40% of the workforce in 1850, though this

declines to 10% by 1940. We perform a number of sensitivity analyses in which we use the

occupational distribution from other years, or alternative measures of occupational standing.

In all cases, we pay particular attention to the imputation of farmers’ income (see Appendix

C for details).

As in OP2015, we impute fathers’ OCCSCORE using an individual’s first name. We

calculate the mean log occupational income of fathers of children ages 0-15 in year t with a

given first name, and then assign that value to all adults with that first name in year t+30.

In much of our analysis we assign each name an SES quartile based on the rank of that

name’s mean parental log occupational income.5

This methodology generates estimates of selection and sorting on fathers’ income that

are different from what we would obtain with individually linked data. First names are an

imperfect proxy for father’s SES, so that our estimates will suffer from attenuation bias. Our

estimates may also be biased if there is a causal effect of first names on marriage market

outcomes. For example, if high-status names are attractive on the marriage market, having

with the highest average parental SES in multiple census years between 1850-1930, while Sally, Nancy,
Lucinda, Martha, and Rachel are repeatedly among the lowest.

4The OCCSCORE variable has been used in numerous articles published in top journals in economics
and other social sciences. See Saavedra and Twinam (2020) for references.

5Each name is weighted by its frequency in the overall distribution of children’s names in year t. Our
results are robust to assigning names to SES quartiles using weights that reflect each name’s frequency in the
distribution of adult names in year t+ 30, and to using finer partitions of the parental income distribution
(see Appendix Table C6).
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such a name may increase the likelihood of marrying a high SES spouse, independent of

the effect of being born into a high SES family. This would generate upward bias in our

estimates.6

OP2015 evaluate the magnitude of these biases in pseudo-estimates of the father-son

intergenerational elasticity. Estimates using the name-based methodology are roughly 30%

smaller than those obtained using the linked IPUMS 1850-1880 and 1880-1910 samples. So,

attenuation bias seems to dominate. Santavirta and Stuhler (2024) explore the properties

of grouping estimators based on names. They emphasize that the probability limit of the

estimator depends on the overlap between the child and parent samples. In the case of

perfect overlap (i.e., the parent and child samples are taken from exactly the same families),

a name-based estimator will be upward biased. On the other hand, if samples are non-

overlapping, the bias may be positive or negative. Our samples are non-overlapping since

we use 1% census samples to measure fathers’ economic status and children’s outcomes.7 In

Appendix A, we provide evidence that the pseudo-estimators used in this paper are biased

toward zero.

Given the potential for bias, the name-based methodology is best used for uncovering

trends, provided the bias in the pseudo-estimator is roughly constant over time. Time-

varying bias will occur if the information content of names changes over time. If names

become more informative about SES, our estimates will show the marriage outcomes of high

and low SES women diverging, even if the underlying process has not changed. However,

we argue that changes in the informativeness of first names is unlikely to have a first-order

6This is an important consideration when deciding how to group members of the child generation in order
to impute parental SES. First name is only one permanent individual characteristic that is correlated with
parental SES. Race and place of birth are others. However, both of these alternative variables have a strong
independent effect on outcomes in the child generation. This can introduce a great deal of upward bias in
our estimator. First names are likely to suffer less from this problem: they are correlated with parental SES,
but have a smaller causal effect on individual outcomes than the alternatives.

7Feigenbaum (2018) estimates intergenerational elasticities by linking the 1915 Iowa State Census and
the 1940 Federal Census. Since the former has information on earnings, occupational scores and names, he
can compare the estimates using traditional approaches with the OP2015 name-based method, and finds
that the two methods yield remarkably similar results in a fully overlapping sample.
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impact on our findings.8

We can roughly measure the socioeconomic content of names by regressing parental

occupational income on a full set of fixed effects for children’s names and computing the R2.

OP2015 find that this measure of the socioeconomic content of names was stable for boys

but increased slightly for girls between 1850 and 1910, from 0.136 to 0.166. We explore the

extent to which this affects our results in Appendix A-1. We exploit the fact that, in the

1940 census, we can observe first names and a measure of SES (educational attainment).

We draw two different 1% samples from the full count 1940 census, and we use these to

estimate the relationship between women’s SES and marriage outcomes using: (i) actual

educational attainment, and (ii) mean educational attainment by first name from a different

(non-overlapping) sample. This allows us to gauge the degree of attenuation bias in our

estimates. Then, we run a simulation in which we assign first names to the individuals in

our samples, using a method that allows us to vary the socioeconomic content of names.

We are able to replicate the results that use true first names very closely. We show that,

in order to fully explain our findings, the socioeconomic content of names would have to

increase such that the R2 from a regression of SES on name fixed effects doubles. A 20%

increase in R2 (what we observe for girls’ names over our sample period) has a negligible

effect on the relationship between marriage and women’s (pseudo) SES.

Data. We use U.S. census microdata from 1850 to 1940, which contain information on

first names. For 1850 to 1930, we use 1% IPUMS samples (Ruggles et al., 2010). For 1940, we

create a 1% extract of the IPUMS Restricted Complete Count Data (Minnesota Population

Center and Ancestry.com, 2013). We restrict the sample to whites to avoid issues associated

with the near absence of Blacks in the pre-Civil War censuses. Individual level data are

available from IPUMS for every decade from 1850 to 1940, with the exception of 1890. This

means that we can calculate marriage rates and assortative mating for five cohorts observed

between age 30 and 45 (in 1880, 1900, 1910, 1930 and 1940).

8See Appendix A for further details.
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Our married sample consists of couples in which both spouses are 30-45 years old. This

restriction skews the age distribution of the married sample relative to the sample used to

study selection into marriage, because during our sample period the average husband was

roughly 4.5 years older than his wife. Our descriptives and the results in Section 3.1 are

robust to several adjustments to the age distribution (see Appendix C).

3 Trends in Marriage Outcomes

3.1 Marriage Outcomes by SES

The top panel of Figure 1 shows the evolution of the fraction of women ages 30-45 ever

married by SES. Throughout the period, the marriage rate was high, between 85% and

92%. There is a clear socioeconomic gradient in the marriage rate: women from the bottom

quartile of the SES distribution are always more likely to marry than those from the top

quartile. This socioeconomic gradient grew over time. The difference in marriage rates

between the upper and lower quartiles was less than 2 percentage points for women born in

the mid-19th century, and more than 5 percentage points for those born in the early 20th

century. In Appendix A.1, we use the 1940 census to show that the true difference in the

probability of marriage between women in the top and bottom quartiles is likely 3-4 times

larger than what we estimate using pseudo quartiles.

The bottom panel of Figure 1 shows the average log parental OCCSCORE of husbands

of women from each SES quartile. Women in the highest quartile consistently have husbands

with the highest SES, and women in the lowest quartile have the lowest-status husbands,

indicating positive assortative mating. This gradient increases for later cohorts, suggesting

an increase in assortativeness over time. The change in the gradient in spousal SES is small

in comparison to the overall increase in occupational status (a result of the transformation

of the U.S. economy from an agricultural one to an industrial one), but not negligible: the

2.5 log point increase in the top-bottom quartile gap is about one sixth the size of the overall
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increase in average spousal SES. Our estimates are also severely attenuated, as we show in

Appendix Table A-2.

How does the change in the SES gradient affect fertility? In Appendix E, we show that

high-SES women have lower fertility than low-SES women, and that fertility declined during

this period for all socioeconomic groups. The SES-fertility gradient increased, but this was

almost entirely driven by the increase in the SES-marriage gradient – for married women,

there was almost no increase in the gradient. This implies that there were no significant

changes in the SES gradient of available resources per child.

Marital sorting is typically measured as the correlation between spousal traits reflecting

SES. To compare our findings to the literature, we calculate the correlation between hus-

bands’ and wives’ parental SES, both imputed using our names-based methodology. Figure

2 plots the correlation in the imputed log occupational earnings of husbands’ and wives’

fathers at the national level. There is clear evidence of an increase in assortativeness over

the period.

The correlation coefficient increased from around 0.04 to 0.09. These coefficients are much

smaller than recent estimates of the correlation between spouses’ educational attainment or

parental wealth in the United States, which are closer to 0.6 and 0.4, respectively (Ghileb and

Lang 2016; Charles et al 2013). Our results are also smaller than those obtained by Fremeaux

(2014) for France (between 0.12 and 0.25). They are more in line with the estimates obtained

for couples formed in Denmark between the late 1980s and early 2010s, which range between

0.1 and 0.15 (Wagner et al., 2020).

Because we have an imperfect proxy for parental SES, our estimates will be attenuated by

measurement error. OP2015 and Santavirta and Stuhler (2024) find that intergenerational

elasticity estimates using a name-based methodology can be biased downwards by between

0 and 50%. In our case, the attenuation bias can be more severe because we calculate the

correlation between two imputed values. In Appendix A, we discuss this point in more detail.

We estimate the degree of attenuation in a pseudo-estimate of the correlation between spousal
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educational attainment using the 1940 census. Our results suggest that the true correlation

in parents’ SES is likely 3-6 times larger than the correlation coefficients reported in Figure

2. This implies that the true correlation in spouses’ parental log occupational incomes falls

roughly between 0.1 and 0.6. These values are consistent with the literature.

4 Interpreting Trends in the Relationship between SES

and Marriage

We now focus on distinguishing between divergence within and between marriage markets.

Divergence within marriage markets may occur if, within a given geographic area, high

SES women experienced a relative decline in the gains from marriage, and if the gains

from positive sorting increased. Divergence between marriage markets may occur if average

SES diverged across geographic areas. There are large differences in key marriage market

outcomes across regions, with marriage rates higher in the South than in the Northeast

(see Appendix B). We also know that the Northeast industrialized over the period under

investigation, while the South remained predominantly agricultural (Kim and Margo, 2004;

Lindert and Williamson, 2016). This regional divergence in occupational structure meant

that people from the top of the national occupational income distribution were increasingly

concentrated in the Northeast, while those from the bottom were increasingly concentrated

in the South. This between-marriage market divergence may have contributed to the increase

in assortative mating at the national level, as well as to the increasing socioeconomic gradient

in the probability of marriage.

4.1 Empirical Approach

We use a regression model to assess the extent to which the aggregate increase in the SES

gradient in marriage outcomes is driven by divergence between marriage markets. We es-

timate the following three regression equations at the individual level, using a sample of
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women ages 30-45.

Yiqst =
4∑

q=2

1940∑
t=1880

γqt (Qiq × Tit) + τt + δ′Ziqst + uiqst (1)

Yiqst =
4∑

q=2

1940∑
t=1880

γqt (Qiq × Tit) + τt + ζst + δ′Ziqst + uiqst (2)

Yiqst =
4∑

q=2

1940∑
t=1880

γqt,X (Qiq × Tit) + τt

+
1940∑

t=1880

β′
st (Xst × Tit) + δ′Ziqst + uiqst (3)

Here, Yiqst is a marriage outcome (an indicator for ever being married or the log occupa-

tional score of the husband’s father) for individual i, of parental income quartile q, born in

state s, observed at time t; τt is a calendar time fixed effect ; Qiq and Tit are parental income

quartile and time dummy variables; ζst is a state of birth-by-year fixed effect; Xst is a vec-

tor of characteristics that vary at the state-year level; and Ziqst is vector of individual-level

controls, including age, urban status, and foreign born status.

Equation (1) estimates aggregate divergence in marriage outcomes by SES. The estimated

coefficients γqt reflect the mean difference in marriage outcome Y between a woman from

quartile q of the parental occupational income distribution (assigned by first name) and a

woman in the lowest quartile, conditional on Ziqst. For instance, suppose Y is an indicator

for ever having married. If γ4,1940 exceeds γ4,1880 in magnitude, this indicates that the

socioeconomic gradient in the probability of marriage has grown over time. This method

replicates the trends described in Figure 1, but allows us to test whether the change in the

socioeconomic gradient in marriage outcomes over time is statistically significant.

Equation (2) estimates divergence in marriage outcomes by SES within marriage markets.

Because we condition on state-year fixed effects, γ4,1940 will only exceed γ4,1880 in magnitude

if the socioeconomic gradient in Y grew within states. Define ∆γ4 ≡ γ4,1940 − γ4,1880 (from
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equation 1) and ∆γ4 ≡ γ4,1940 − γ4,1880 (from equation 2). If ∆γ4 captures within-marriage

market divergence in marriage outcomes by SES, then ∆γ4−∆γ4 captures between-marriage

market divergence.

Equation (3) seeks to uncover the drivers of divergence in marriage outcomes by SES

between marriage markets. Here, we replace ζst in turn with one of several state-year char-

acteristics: the urban population share, the manufacturing employment share, the foreign

born population share, the male share of the white population ages 15-30, the average log

OCCSCORE of never married women, the share of children ages 5-20 attending school, the

average farm value, and the average number of people per dwelling, and the share of the

state’s area located within 15 miles of a railroad. State characteristics are assigned by the

woman’s state of birth. Characteristics are measured at year t− 10 to reflect the conditions

in the woman’s presumed marriage market, with the exception of the school enrollment rate,

which is measured at t− 20 to reflect childhood conditions.9

We estimate Equation 3 separately for each one of these variables, and define, for each

variable X, ∆γ4,X ≡ γ4,1940,X − γ4,1880,X . If ∆γ4,X ≈ ∆γ4, this would suggest that charac-

teristic X can explain much of the between-marriage market divergence in Y by SES.

4.2 Results

Results from equations (1) and (2) are shown in Figure 3. We plot estimates of γ4t and γ4t

against t. The dependent variable in Panel A is an indicator equal to 1 if the woman has ever

been married, and the dependent variable in Panel B is the woman’s husband’s log parental

occupational income (assigned by the husband’s first name). The progression of γ4t over

time confirms our previous findings, which did not include individual level controls. There

is a negative socioeconomic gradient in the probability of marriage, which grows over time.

And, the expected log parental occupational income of husbands of women from higher SES

quartiles is greater than that of women from lower SES quartiles. This gap also increases

9All characteristics except railroad access are derived from decennial census data (Ruggles et al. 2010;
Haines and ICPSR 2010). Railroad data are from Atack et al. (2010).
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over time.

For both outcomes, γ4t is everywhere smaller in magnitude than γ4t. This indicates that

socioeconomic differences in marriage outcomes are partly driven by the fact that people from

different economic strata are concentrated in particular parts of the country, and marriage

market outcomes vary across space. It is also clear that ∆γ4 is smaller in magnitude than

∆γ4, indicating that a substantial portion of the aggregate divergence in marriage outcomes

by SES occurred between marriage markets. Our results suggest that the between-marriage

market divergence can explain seventy percent of the nationwide increase in assortative

mating between 1880 and 1940 (Panel B). Between market differences in parental log occu-

pational score go from explaining none of the Q1-Q4 gap in spousal log occupational score

(for earlier cohorts) to explaining about half of the gap (for cohorts born at the turn of the

20th Century. However, the between-marriage market divergence explains only one third

of the increase in the negative socioeconomic gradient in marriage for women (Panel A).

We report the coefficients underlying this figure, as well as estimates of ∆γ4 and ∆γ4, in

Appendix Table C-1.

Which geographic characteristics caused marriage outcomes to diverge by SES between

marriage markets? To shed light on this question, we estimate equation (3), in which we

replace birth state-by-year fixed effects with time-varying controls for state characteristics

interacted with year fixed effects.10 In Figure 4, we plot ∆γ4, six estimates of ∆γ4,X (each

controlling for a different state characteristic), and ∆γ4 (obtained by including a full set of

state-year fixed effects).

The school enrollment rate and the sex ratio explain very little of the between-marriage

market divergence in marriage outcomes by SES. This is not to say that sex ratios do not

affect marriage outcomes: it is well established in the literature that they do (Grossbard-

Schechtman, 1984; Angrist, 2002; Abramitzky et al., 2011). Rather, this finding suggests

10Interacting these controls with year fixed effects allows their effect on marriage outcomes to change over
time. Our results look very similar if we do not allow state characteristics to influence marriage outcomes
differently in different years.
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that changes in sex ratios over time were not strongly correlated with changes in SES, so sex

ratios cannot explain the changing relationship between SES and marriage.11

The largest drivers of between-marriage market divergence are the urban population

share and the foreign born population share. These characteristics are highly correlated,

and thus difficult to separate. We find little evidence that the foreign-born population

share drives this relationship. Our results are invariant to including individual controls for

foreign-born status, or to restricting the sample to native born individuals. We therefore

focus on the urban population share. Urbanization and regional development are closely

linked. Virtually no farmers live in cities or large towns, implying that the urban population

share is inversely related to the share of the population employed in agriculture. Regional

differences in urbanization track regional differences in industrial or occupational structure,

which may be why urbanization explains the increasing tendency for men and women from

similar socioeconomic backgrounds to marry. This may also explain part of the increase in

the socioeconomic gradient in marriage for women. For instance, the South did not urbanize

as quickly as the rest of the country, and it had the highest marriage rate for women. Thus,

as families with low occupational incomes became more concentrated in the South, the link

between marriage and low SES would have strengthened.

Marriage may have decreased more rapidly in urban areas because of housing market

conditions – high housing costs raise the costs of setting up a new household. We find little

support for this explanation: controlling for housing density (proxied by the number people

living in each dwelling unit) or controlling for the average value of farms explain relatively

little of the trend in the SES gradient in marriage. 12

Another possibility is that urbanization increased women’s labor market opportunities,

leading to a decline in marriage rates. Figure 5 shows three important facts about never-

11We acknowledge that we may not be measuring sex ratios perfectly, as sex ratios within socioeconomic
brackets may be more relevant.

12More direct controls of housing costs, monthly rent and average house value, are only available for the
final cohort but explain much less of the level of the SES gap in this year than urbanization or state fixed
effects.
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married women’s economic activity during this period. First, never-married women increas-

ingly participated in the formal labor market. Second, never-married women in urban areas

participated in the labor market at almost double the rate of rural women, a gap that is

stable to increasing over time. Finally, married women rarely participated in the formal

labor market regardless of geographic location. The urban-rural gap in women’s labor force

participation is likely caused by differences in industrial structure. Goldin (1984) documents

the emergence of the clerical sector as an employer of educated single women between 1890

and 1930. In Appendix D, we show that urban single women are increasingly likely to hold

higher-status clerical positions during our sample period. In fact, the employment rate of

single women explains roughly the same amount of the increase in the socioeconomic gradient

in marriage as the urbanization rate and state fixed effects (see Figure 4).

The evidence suggests that the growing socioeconomic gradient in marriage for women

was driven in part by an association between urbanization and improved labor market op-

portunities for women. Women in urban areas were increasingly likely to participate in

the formal labor market and faced more appealing employment options. Remaining unmar-

ried thus became more economically attractive over time.13 As men in more urban states

also had higher status occupations, this generated a negative relationship between parental

occupational income and the marriage rate. 14

Overall, there is little increase in assortativeness within marriage markets, which sug-

gests that changes in the marriage market are unlikely to explain changes in inequality or

intergenerational persistence during this period. While there is an increasing negative effect

of parental SES on the propensity for women to marry, a portion of this is compositional.

Daughters of high income fathers were increasingly likely to live in urban areas, and urban

residence seems to have made marriage less attractive to women, on account of the more

13Salisbury (2017) documents a negative causal effect of outside economic opportunities on women’s
propensity to marry.

14Even within states, women’s improved labor market opportunities may strengthen the relationship be-
tween parental SES and marriage if high SES daughters are more able to access these occupations; however,
we do not test this hypothesis directly.
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abundant labor market opportunities for single women. This underscores that the rela-

tionship between women’s SES and marriage depends on the interaction between women’s

labor market opportunities and the ability to combine work and family, both of which have

changed dramatically over the last 200 years (Goldin 2021).

In Appendix C, we assess the robustness of our results to different ways of calculating

occupational income, different samples, and different ways of grouping individuals in order

to impute parental SES. All our results are robust to these alternatives.

5 Conclusion

We have documented two key changes in the relationship between SES of the family of ori-

gin and marriage for American women born between the early 19th and early 20th centuries.

High SES women became increasingly less likely to marry, relative to their low SES coun-

terparts. And, women became increasingly likely to marry men from similar backgrounds to

themselves.

The bulk of the paper is devoted to understanding whether these changes are driven by

divergence in marriage outcomes by SES within or between marriage markets. We find that

more than half of the change in the SES gradient in the probability of marriage occurred

within marriage markets. However, almost all of the increase in marital sorting occurred

between marriage markets.

We show that the large (and well-known) negative SES gradient in the marriage rate for

cohorts born in the late 19th to early 20th centuries emerged over time. To our knowledge,

we are the first to document this feature of the historical American marriage market. This

underscores the close link between women’s labor market opportunities and the family. Our

paper also shows that, despite a large increase in the correlation between husbands’ and

wives’ SES, the degree of assortativeness within marriage markets was quite stable over

time. Thus, it is unlikely that changes in marriage market behavior can explain the increase
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in intergenerational persistence that occurred over the period.
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Figure 1: Trends by Woman’s Parental SES
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.8
4

.8
6

.8
8

.9
.9

2
Fr

ac
tio

n

1840 1860 1880 1900
15 year birth cohort

Quartile 1 (lowest) Q2
Q3 Q4

(b) Father-in-Law’s SES

2.
9

2.
95

3
3.

05
Lo

g 
Fa

th
er

-in
-L

aw
 O

cc
sc

or
e

1840 1860 1880 1900
15 year birth cohort

Quartile 1 (lowest) Q2
Q3 Q4

Note: The top panel shows the fraction ever married by birth cohort and parents’ quartile of occupational

income score. The bottom panel shows the average log occupational score of fathers of husbands aged 30-45

married to wives 30-45 by the woman’s parental quartile of occupational income score. The occupational

income score is imputed based on first names. Source: Authors’ calculations based on the 1% IPUMS

samples (1850-1930) and a 1% extract of the 1940 Restricted Complete Count Census Data.
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Figure 2: Correlation in Parental SES
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Note: This figure shows the correlation in parental occupational income score between husband and wife.

Region assignment is by the wife’s region of birth. The occupational income score is imputed based on first

names. Source: Authors’ calculations based on the 1% IPUMS samples (1850-1930) and a 1% extract of the

1940 Restricted Complete Count Census Data.
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Figure 3: Effect of Parental SES and Birthplace on Probability of Ever Marrying and
Spouse’s Parental Log Occupational Score, Women 30-45
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Note: 95% confidence intervals are shown. Plotted coefficients represent the coefficient on the indicator for

the top SES quartile, as compared to the bottom SES quartile (the omitted SES category). The Birthplace

Controls specification includes a set of dummies for the woman’s state of birth interacted with cohort

dummies. Source: Authors’ calculations based on the 1% IPUMS samples (1850-1930) and a 1% extract of

the 1940 Restricted Complete Count Census Data.
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Figure 4: Which social and economic characteristics explain the gap between baseline diver-
gence and divergence conditional on state of birth fixed effects?
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Note: Figure plots the change in the Q1-Q4 parental SES gradient in the probability of marriage (top

panel) or spousal’s parental SES (bottom panel) between the cohorts observed as adults in 1880 and 1940

estimated using different controls. All control variables are interacted with a full set of cohort dummies.

The Birthplace Controls specification includes a set of dummies for the woman’s state of birth interacted

with cohort dummies. Source: Authors’ calculations based on the 1% IPUMS samples (1850-1930) and a 1%

extract of the 1940 Restricted Complete Count Census Data., 1850-1940; IPUMS 100% population databases

from the Decennial Censuses, 1850, 1880, and 1900-1940; and ICPSR summary census data, 1850-1940.
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Figure 5: Trends in Women’s Employment by Marriage and Urban Status, Women 30-45
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Note: Source: Authors’ calculations based on the 1% IPUMS samples (1850-1930) and a 1% extract of the

1940 Restricted Complete Count Census Data., 1850-1940; IPUMS 100% population databases from the

Decennial Censuses, 1850, 1880, and 1900-1940; and ICPSR summary census data, 1850-1940.
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